Learning to Ask Unanswerable Questions
for Machine Reading Comprehension
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Machine reading comprehension with unanswerable questions is a challenging task. In this work, we propose a data
augmentation technique by automatically generating relevant unanswerable guestions according to an answerable question
paired with its corresponding paragraph that contains the answer.

Question Generation Data Construction

We use answer span as pivot to align questions from SQUAD2.0.

 Paragraph: “Public schools, also known as state or government
schools, are funded and run directly by the Victoria Department of
Education. Students do not pay tuition fees, but some extra costs are
levied. Private fee-paying schools include parish schools ...”

Ans. Question: “What organization runs the public schools in Victoria?”

Motivation

Question answering models have outperformed human on the
extractive benchmark SQuAD1.1. SQuUAD2.0 with unanswerable
questions poses new challenges to top-performance systems.
Data augmentation of unanswerable questions can help data-
driven neural models.
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